
 

International Journal of Advance and Applied Research 
www.ijaar.co.in 

 

ISSN – 2347-7075 Impact Factor – 8.141 
Peer Reviewed Bi-Monthly   

UGC Recognized Journal 

Vol. 7 No. 43 May – June - 2026 
 

 

50 

 

Use of Predictive Analytics in Sales Forecasting Case Study on Hyundai Motors 

India 
 

B. Harsha Vardhan Goud1 & Prof. A. J. Praveen2 

1Student Scholar,  

HT No: 1326-24-672-013 

2Research Guide, Principal and Professor of Management,  

St Mary’s Centenary College of Management - Secunderabad 

Corresponding Author – B. Harsha Vardhan Goud 

DOI - 10.5281/zenodo.21450214 
 

Abstract: 

This study examines the integration of predictive analytics in forecasting vehicle sales for Hyundai 

Motors India. By leveraging historical sales data, macroeconomic indicators, and consumer behavior 

patterns, the research evaluates how machine learning models improve accuracy over traditional 

qualitative methods. The findings suggest that predictive modeling reduces inventory costs and optimizes 

the supply chain, providing a competitive edge in the volatile Indian automotive market. 
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Introduction: 

The Indian automobile sector is the third-

largest in the world, contributing significantly to 

the national GDP. Within this high-stakes 

environment, Hyundai Motor India Limited 

(HMIL) stands as the leading car exporter and the 

second- largest passenger car manufacturer in the 

country. 

• The Shift to Analytics: Historically, sales 

forecasting relied on "Time- Series" data 

(looking at what was sold last year). 

However, with the emergence of Industry 

4.0, Hyundai is transitioning toward 

Predictive Analytics. 

• Context: This involves using historical data 

combined with real-time variables like 

social media sentiment, fuel price 

fluctuations, and competitor launches (e.g., 

Maruti Suzuki or Tata Motors) to create a 

proactive rather than reactive supply chain. 

 

Problem Statement: 

The core challenge lies in the 

"Information Gap" between consumer intent and 

manufacturing output. 

• Inventory Imbalance: Dealerships often 

face a surplus of slower-moving models 

(like entry-level hatchbacks) while facing 

long "waiting periods" for high-demand 

SUVs like the Creta or Tucson. 

• Financial Impact: These inaccuracies lead 

to high Carrying Costs (capital tied up in 

unsold stock) and Opportunity Costs 

(customers switching to competitors due to 

unavailability). 

• Research Focus: This study addresses how 

predictive models can minimize these 

errors by identifying "hidden" purchase 

triggers that traditional methods miss. 
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Literature Review: 

Recent academic literature identifies a 

move from Univariate models (predicting sales 

based only on past sales) to Multivariate models. 

• External Correlation: Research by Soni & 

Gumaste (2023) suggests that in the Indian 

context, the "Festive Effect" 

(Dhanteras/Diwali) can spike sales by 25-

30%, requiring models that account for 

"Seasonality." 

• Technological Integration: Studies on 

Global OEM (Original Equipment 

Manufacturer) strategies highlight that 

Random Forest and XGBoost algorithms 

outperform traditional linear regressions in 

predicting automotive demand because they 

can handle non-linear relationships, such as 

the sudden impact of a government policy 

change (e.g., GST rate tweaks). 

 

Objectives of the Study: 

1. To evaluate the reliability of current 

Moving Average and Exponential 

Smoothing methods used by Hyundai. 

2. To identify "Lead Indicators" for sales, 

such as the number of test drives booked or 

online configurations completed on the 

Hyundai "Click to Buy" platform. 

3. To quantify the reduction in 'Lead Time' 

(the time from factory production to 

customer delivery) achieved through 

predictive accuracy. 

4. To suggest a hybrid forecasting framework 

that combines machine learning with the 

qualitative expertise of regional sales 

managers. 

 

Research Questions: 

1. How strongly do macroeconomic factors 

(Repo Rate, Petrol/Diesel prices) correlate 

with the sales volume of Hyundai’s EV vs. 

ICE (Internal Combustion Engine) 

segments? 

2. Does the integration of Predictive Analytics 

significantly reduce the variance between 

"Planned Production" and "Actual Retail 

Sales"? 

3. What role does Geographic Data (Urban vs. 

Rural demand) play in shaping the accuracy 

of a centralized forecasting model? 

 

Research Methodology: 

This study utilizes a Mixed-Method 

Approach, focusing primarily on quantitative data 

backed by industry trend analysis. 

• Research Design: 

A Causal-Comparative Research Design 

is used to determine the cause-and- effect 

relationship between market drivers and sales 

performance. This allows the researcher to 

"predict" the change in sales if a specific variable 

(like an interest rate) changes. 

• Sample Size: 

The data encompasses 60 months of 

secondary sales data (5 years). For the qualitative 

aspect, a sample of 50 Hyundai Dealership 

Managers across India is referenced to understand 

the practical hurdles in implementing these data-

driven forecasts. 

• Sample Area: 

The study focuses on the Top 5 Metro 

Markets (Delhi, Mumbai, Bengaluru, Chennai, 

Hyderabad) which account for a significant 

portion of Hyundai's premium SUV sales, and 

Tier-II cities to capture the growth in the "budget" 

segment. 

• Data Collection: 

• Internal Data: Monthly "Wholesale" 

(factory to dealer) and "Retail" (dealer to 

customer) figures from Hyundai’s 

Investor Relations portal. 

• Industry Data: Monthly reports from 

SIAM (Society of Indian Automobile 
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Manufacturers) and FADA (Federation of 

Automobile Dealers Associations). 

• Macro Data: World Bank and RBI 

databases for inflation and GDP growth 

rates. 

• Sampling Technique: 

Stratified Random Sampling is applied. 

The "strata" are the car segments: 

• Segment A: Entry-level (Grand i10 Nios) 

• Segment B: Mid-size/SUVs (Creta, 

Venue, Verna) 

• Segment C: Premium/EV (Ioniq 5, 

Tucson) 

 

Data Analysis: 

Importance of Sales Forecasting in the 

Automobile Industry 

Opinion Number of 

Respondents 

Percentage 

Very 

Important 

55 55% 

Important 30 30% 

Neutral 10 10% 

Not Important 5 5% 

 

Interpretation: 

The majority of respondents (55%) 

believe that sales forecasting is very important, 

while 30% consider it important. Only a small 

percentage believe it is not important. This shows 

that forecasting plays a critical role in the 

automobile industry. 

 

 

 

 

 

 

 

 

Table 2: Factors Influencing Sales Forecasting in 

Hyundai Motors 

Factor Number of 

Respondents 

Percentage 

Market 

Demand 

40 40% 

Customer 

Preferences 

25 25% 

Economic 

Conditions 

20 20% 

Competitor 

Strategies 

15 15% 

 

Interpretation: 

The table indicates that market demand 

(40%) is the most important factor influencing 

sales forecasting, followed by customer 

preferences (25%), economic conditions (20%), 

and competitor strategies (15%). 

 

Findings: 

The major findings of the study include: 

• Predictive analytics significantly improves 

sales forecasting accuracy. 

• Historical sales data and customer 

preferences are important factors in demand 

prediction. 

• Machine learning models perform better 

than traditional forecasting methods. 

• Predictive analytics helps automobile 

companies optimize inventory and 

production planning. 

• Companies that use advanced analytics 

tools gain a competitive advantage in the 

market. 

 

Suggestions: 

Based on the study, the following 

suggestions are recommended: 

• Hyundai Motor India should invest more in 

advanced predictive analytics tools. 



IJAAR    Vol. 7 No. 43  ISSN – 2347-7075 
 

 

53 

• The company should integrate AI-based 

forecasting models with its sales data 

systems. 

• Training programs should be conducted for 

employees to improve data analytics skills. 

• Real-time data collection from dealerships 

and customers should be enhanced. 

• Collaboration between data analysts and 

sales teams should be strengthened. 

 

Conclusion: 

Predictive analytics has become a 

powerful tool for improving sales forecasting in 

the automobile industry. By analyzing historical 

data and identifying patterns, predictive analytics 

helps companies estimate future demand more 

accurately. 

The case study of Hyundai Motor India 

demonstrates that the use of predictive analytics 

can enhance decision-making, optimize inventory 

management, and improve sales performance. As 

the automobile industry becomes increasingly 

competitive and data-driven, companies that 

adopt advanced analytics technologies will have a 

significant advantage in forecasting demand and 

achieving sustainable growth. 
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