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Abstract:  

Artificial Intelligence (AI) has emerged as the most significant technological force 

driving global commerce in a new direction. AI is rapidly creating value across various 

domains including customer interaction, logistics management, financial security, and 

strategic planning. This research paper analyzes five major AI-driven commercial 

transformations: Hyper-Personalization, Supply Chain Optimization, Conversational 

Commerce, AI-based Fraud Prevention, and Predictive Demand Analytics. The findings, 

based on a systematic mixed-method research conducted using 94 peer-reviewed studies 

published between 2019 and 2024 along with reliable industry data, indicate that AI 

recommendation systems generate 30–40% of e-commerce revenue; AI-enabled supply 

chains recover on average 11 weeks earlier from major disruptions; AI-based customer 

service operates at three to seven times lower cost than traditional methods; ML-based fraud 

detection systems prevent losses of billions of dollars annually; and AI demand forecasting 

improves accuracy by 15–30%, directly increasing gross profit and working capital 

efficiency. The paper concludes that the AI-enabled future of commerce depends not only on 

technological advancements but also on purposeful institutional governance, inclusive design 

principles, and equitable distribution of productivity gains. 

Keywords: Artificial Intelligence, Digital Commerce, Supply Chain, Hyper-
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Introduction: 

The history of commerce has 

always been a story of adopting 

transformative tools—from double-entry 

bookkeeping to industrial mechanization 

and digital networks. Artificial Intelligence 

represents the most significant and 

potentially most impactful chapter in this 

evolution. 

What distinguishes AI from 

previous commercial technologies is not 

merely its ability to automate tasks, but its 

capacity to learn from data, dynamically 

adapt to changing conditions, and generate 

predictive insights comparable to human 

decision-making in structured domains. 

For example: 

DOI - 10.5281/zenodo.19808390 

http://www.ijaar.co.in/


IJAAR    Vol.12 No.6  ISSN – 2347-7075 
 

 
Dr. Shyam Madhukarrao Sarsare 

229 

• Logistics systems that reroute 

shipments in real time based on 

traffic, weather, and demand 

• Credit evaluation engines that 

analyze thousands of behavioral 

variables within milliseconds 

• Marketing systems that generate 

personalized promotional messages 

for millions of customers 

simultaneously 

• These capabilities are not 

incremental improvements but 

represent qualitative changes in the 

structure of commercial 

competition. 

The scale of AI adoption in 

commerce is unprecedented. Global 

enterprise spending on AI systems 

exceeded USD 150 billion in 2023 (IDC, 

2024), growing faster than any other 

technology investment category. AI-driven 

revenue in retail and e-commerce is 

expected to grow at an annual rate of over 

18% by the end of the decade (Grand 

View Research, 2023). 

However, adoption remains 

uneven. Large firms with strong 

technological infrastructure lead the 

transformation, while small businesses and 

firms in developing economies continue to 

face barriers. 

This paper argues that AI is not a 

uniform disruptor but a multi-dimensional 

enabler that simultaneously accelerates 

innovation while creating ethical, 

economic, and regulatory challenges. 

 

 

Review of Literature: 

1. AI as Commercial Infrastructure: 

Earlier research viewed AI as an 

experimental support tool for existing 

processes. However, later studies 

conceptualize AI as a foundational 

commercial infrastructure shaping how 

economic systems function (Bughin et al., 

2018). Further, Davenport and Ronanki 

(2018) categorized business AI into: 

Process automation, Cognitive insight 

generation & Customer engagement. 

Fountaine et al. (2019) emphasized that 

organizational readiness, rather than 

technology, is the main barrier to AI 

adoption. 

2. Personalization and Customer 

Experience: 

AI-driven personalization 

consistently shows positive outcomes. 

Chung et al. (2016) found that machine-

targeted communication produces nearly 

three times higher conversion rates than 

traditional segmentation methods. 

However, concerns exist regarding 

data privacy and manipulation. Martin and 

Murphy (2017) highlighted that consumers 

underestimate data collection practices, 

while Mik (2016) argued that AI 

personalization can exploit psychological 

vulnerabilities. 

3. Intelligent Supply Chain 

Management: 

Supply chains traditionally suffer 

from the “bullwhip effect,” where demand 

signals get distorted across intermediaries. 

AI integration reduces this effect 

significantly (Gartner, 2023). Queiroz et 
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al. (2022) found that AI-enabled firms 

recover faster from disruptions compared 

to traditional firms. 

4. Conversational AI and Business 

Communication: 

Advancements in natural language 

processing have led to the rise of 

conversational AI. Studies show that AI 

systems can handle most routine customer 

interactions without human intervention 

(Xu et al., 2020). The emergence of large 

language models has expanded 

applications to product discovery and 

complex negotiations (Noy & Zhang, 

2023). 

5. Algorithmic Fraud Prevention: 

Machine learning-based fraud 

detection is one of the most mature AI 

applications. Techniques such as ensemble 

models and graph neural networks 

improve fraud detection accuracy (Liu et 

al., 2021). However, bias in historical data 

can lead to unfair outcomes for certain 

demographic groups (Mehrabi et al., 

2021). 

6. Predictive Analytics and Demand 

Intelligence: 

Predictive analytics has become a 

core component of AI-driven commerce. 

Hybrid models combining ML and human 

expertise perform better than standalone 

approaches (Makridakis et al., 2022). 

 

Research Methodology: 

1. Research Design: 

This study follows a pragmatic 

approach and uses a systematic mixed-

method research design. It combines the 

review of existing literature with the 

analysis of secondary quantitative data. 

The study collects information from 

published research papers, reports, and 

reliable data sources, and then examines 

numerical data to understand the impact of 

Artificial Intelligence on commerce. This 

approach helps in gaining both conceptual 

understanding and data-based insights, 

making the analysis more comprehensive 

and reliable. 

2. Literature Selection: 

Data was collected from Google 

Scholar, 94 peer-reviewed articles was 

selected after rigorous screening. 

3. Analytical Framework: 

Thematic analysis of the collected 

data led to the identification of five major 

themes that explain the role of Artificial 

Intelligence in commerce. These themes 

include personalization, which focuses on 

tailoring products and services to 

individual customer needs; supply chain 

optimization, which improves efficiency 

and coordination in the movement of 

goods and services; conversational 

commerce, which involves the use of AI-

powered communication tools such as 

chatbots and virtual assistants; fraud 

detection, which helps in identifying and 

preventing financial and transactional 

risks; and demand forecasting, which 

enables businesses to predict future market 

demand more accurately. Together, these 

themes provide a comprehensive 

understanding of how AI is transforming 

different aspects of commercial activities. 
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4. Limitations: 

The study is subject to certain 

limitations that should be acknowledged. 

Firstly, there is a possibility of publication 

bias, as research studies often focus more 

on successful AI implementations, while 

unsuccessful cases are less frequently 

reported. Secondly, the available literature 

is largely Western-centric, which may 

limit the applicability of findings to other 

regions with different economic and 

technological contexts. Lastly, the rapid 

pace of technological advancements in 

Artificial Intelligence means that some 

findings may become outdated quickly, 

affecting the long-term relevance of the 

study. 

 

Findings: 

1. Hyper-Personalization:   

AI-driven personalization plays a 

significant role in improving business 

performance in e-commerce. It contributes 

nearly 30–40% of total e-commerce 

revenue by offering customized product 

recommendations and targeted marketing 

strategies. In addition, it helps in reducing 

customer churn by approximately 15–25%, 

as customers are more likely to stay 

engaged with personalized experiences. 

This approach is particularly effective in 

industries such as fashion and media, 

where customer preferences vary widely. 

2. Supply Chain Transformation:  

The application of AI in supply 

chain management has led to noticeable 

improvements in efficiency and cost 

reduction. AI technologies help in 

reducing sourcing costs by about 8–12% 

through better demand planning and 

supplier selection. Moreover, AI enables 

faster recovery from disruptions, 

improving recovery time by nearly 11 

weeks, which enhances the resilience and 

reliability of supply chain operations. 

3. Conversational Commerce:   

Conversational AI, including 

chatbots and virtual assistants, has been 

widely adopted by businesses, with over 

60% of firms using such technologies. 

These systems significantly reduce 

customer service costs, operating at three 

to seven times lower cost compared to 

traditional methods. At the same time, they 

maintain similar levels of customer 

satisfaction, especially for routine queries 

and basic interactions. 

4. Fraud Prevention:  

AI-based fraud detection systems 

have proven to be more effective than 

traditional rule-based methods. They can 

quickly analyze large volumes of 

transactional data and identify suspicious 

activities with higher accuracy. As a result, 

these systems help in preventing financial 

losses amounting to billions of dollars 

annually, making them a critical tool for 

ensuring security in digital commerce. 

5. Predictive Analytics:  

AI-driven predictive analytics 

enhances the accuracy of demand 

forecasting by 15–30%. This improvement 

allows businesses to manage inventory 

more efficiently, reduce wastage, and 

avoid stock shortages. Consequently, 

better forecasting leads to improved 



IJAAR    Vol.12 No.6  ISSN – 2347-7075 
 

 
Dr. Shyam Madhukarrao Sarsare 

232 

operational efficiency and higher profit 

margins, contributing positively to overall 

business performance. 

 

Conclusion: 

The study confirms that Artificial 

Intelligence is significantly transforming 

commerce across multiple domains. It 

improves operational efficiency, reduces 

costs, enhances customer experience, and 

supports better decision-making through 

data-driven insights. However, the 

adoption of AI also brings several 

challenges, including unequal access 

among businesses, ethical concerns, 

algorithmic bias, and lack of proper 

regulatory frameworks. Therefore, the full 

potential of AI in commerce can be 

achieved only when technological 

advancements are supported by 

responsible governance, ethical practices, 

and inclusive growth strategies that benefit 

all sections of society. 
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